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Introduction
Human trafficking (HT) is the third largest illicit international commerce, after illegal drug and weapon smuggling (U.S. Department of State 2004). It creates an underground economy of illegal labor markets and businesses where both enormous profits and great suffering are made. Belser (2005) estimates that HT generates around one billion dollars every year in industrialized countries alone. It is estimated that annual global profits are approximately 31.61 billion dollars (Interpol 2012 , ILO 2005 ; money that is generated on tax evasion and presumably used for illegal businesses that traffic individuals as well as other associated activities.
The International Labour Organization (ILO) calculates that around 20.9 million people are victims of trafficking in persons (TIP) 3 at any point in time (ILO 2012) . These victims are either exploited in the sex industry or work under forced exploitative conditions in the private sector (ibid 2012). HT is a crime against the human rights of each victim, because they are used as commodity. They are abused through exploitation and coercion and deprived of the freedom to move or choose their place of living (Gallagher 2009 ). Besides the suffering of its victims HT causes on the individual level, countries are also affected by the international cross border nature of HT that raises security concerns and threatens national sovereignty through international active criminal organization (Belser 2005) . Thus, corruption of civil society is facilitated by transnational criminal activities, such as HT, as they bypass borders, undermine state sovereignty and threaten state governance and human security (Shelley 1999 ).
To render the clandestine phenomena HT visible, the aim of the paper is to suggest a new measure of HT addressing the extent of victim exploitation in destination countries. Based on observed causes and indicators the multiple causes multiple indicators (MIMIC) structural equation approach allows one to explore the structural relationship between the causes and indicators of HT which to the best of our knowledge has not been done in the literature. We estimate these relationships and derive an index of the degree of HT in destination countries.
By applying this approach two strands of the literature are combined providing a twofold contribution. First, applying the single latent variable structural equation method (MIMIC) on the latent phenomenon HT, and second, providing a detailed analysis of HT which sheds further light on the mechanism behind the trafficking process. Constructing an index of the scale is one advantage of the approach together with the possibility to re-estimate the model on a yearly basis over the period of ten years (2000) (2001) (2002) (2003) (2004) (2005) (2006) (2007) (2008) (2009) (2010) and thereby address the question of how HT inflows developed in this decade. In addition, looking at the whole period since the implementation of the Palermo Protocol 4 allows one to examine the implications for policy approaches and other relevant topics in reference to the trafficking process. Given that the index offers not only a ranking of countries but also the possibility to interpret the relative difference between countries, future research will be able to build on this measure and test hypotheses with empirical analysis.
To foreshadow basic results the MIMIC estimates support the main hypothesis on the determinants and indicators of HT. Importantly richer countries see more intense inflows of HT. This is also driven by employment opportunities and existing trade routes. The indicators combine both aspects of the trafficking process, the criminal activity and the fight against it.
The HT index shows the prevalence of HT inflows to destination countries for the 2000 to 2010 period for 142 countries. It is scaled between 0 and 100 with higher values indicating a greater prevalence of HT in the country. Not surprisingly, developed countries experience a greater volume and frequency of human trafficking into their national territory whereas less developed countries see less. The top ranking destination countries are the United Kingdom (UK) and Sweden for five out of eleven years. The UK is traditionally a destination country for migration and thus home to a vulnerable population prone to trafficking. The index is positively correlated with other measures of aspects of human trafficking, which shows the relevance of the HT measure in this field of research.
The paper is organized as follows. The next section defines human trafficking and presents theoretical considerations in the causes and consequences of HT. Section 3 shows the value of using the MIMIC approach on the extent of HT and presents a baseline model. In section 4 the data used is described and the empirical results as well as the measure of HT is presented and discussed. The final section 5 concludes the paper.
Dynamics of human trafficking: Some theoretical considerations
This paper understands human trafficking in accordance with the international definition of trafficking in persons. 5 It is not only the first successful international agreement on common elements and implications, but it also provides an important working basis for the present re-4 search. 6 The main elements are the incorporation of all forms of enslavement and the focus on the exploitation of victims through coercion or deception. These components acknowledge that most of HT's victims are vulnerable through migration, not willingly enslaved, and that it is a clandestine business of internationally-active criminal networks. These elements are two sides of the same coin: individuals that are vulnerable and prone to traffickers and criminal networks that make use of their circumstances. Both aspects have to be considered when measuring HT.
The focus of the paper is on the extent of human trafficking inflows not on push factors that force people to take high risks leading to their being trafficked. 7 Important to identify is what drives people to exploit exposed individuals, i.e. the demand structure; and what puts people in this vulnerable position, i.e. the potential supply. In economic terms, HT is located in a market setting where demand and supply are met on the shoulders of vulnerable people. The main reason for the abuse and exploitation of people is global income disparity. Emigration is propelled by economic factors that drive people to migrate and take risks in searching for more prosperous living conditions. In particular, traffickers use their victims' vulnerability and bring them to countries where both the demand for cheap labor and exploitation profits are high. These are the key factors that help identify the indicators and causes of HT to destination countries.
Indicators of human trafficking
The extent of HT is not measurable directly, therefore we indicators have to be identified, that reflect HT in destination countries. The literature does not offer extensive guidance with respect to appropriate indicators of HT. However, one can think of many aspects that are correlated with human trafficking that can help show the prevalence of HT across the countries.
What is important to acknowledge is the two-sided nature of HT. Some aspects are visible, but its illegal nature requires most of the action to be covert. Trafficking victims are exposed to life threatening conditions such as health risk, under-nutrition and physical and psychologi-6 Article 3 of the protocol states that "human trafficking is the recruitment, transportation, transfer, harboring or receipt of persons, by means of the threat or use of force or other forms of coercion, of abduction, of fraud, of deception, of the abuse of power or of a position of vulnerability or of the giving or receiving of payments or benefits to achieve the consent of a person having control over another person, for the purpose of exploitation. Exploitation shall include, at a minimum, the exploitation or the prostitution of others or other forms of sexual exploitation, forced labor or services, slavery or practices similar to slavery, servitude or the removal of organs" (UN 2000) . 7 Since October 2013 a measure of the prevalence of population in slavery for 162 countries is provided by the Walk Free Foundation (2013). This approach is based on risk characteristics of countries at one point in time. In contrast to the HT intensity measure provided here, the measure does not take into account development over time, which restricts analysis to the recent year rather than analysis of the last decade and makes a comparison difficult. cal stress. One major indication of HT in the country is the number of identified victims in these countries. Although it is important to be aware that identification of victims, prosecution of traffickers and prevention of the crime largely depend on the awareness of the existence of HT by the broader public as well as by legal institutions (Tyldum and Brunovskis 2005) , this number is a principal sign of the existence of trafficking in persons. The number of identified victims would thus be an indicator of HT at the lower limit of the real problem. This suggests testing the first hypothesis using the number of identified victims as percentage of the population:
H1: A high number of identified victims in a country increases the extent of human trafficking, ceteris paribus.
The extent of HT is also reflected in the legal fight against the crime. Fighting HT through prosecution of traffickers, protection of victims and prevention of the crime and other approaches taken within countries are thus another indication of its magnitude. All three elements of the legal fight against HT (protection, prosecution and prevention) increase the awareness within the judicial system and the police forces of the human trafficking problem, increasing the possibility to identify victims and prosecute traffickers. Protection policies, for instance, target victims of human trafficking and address their vulnerability, facilitating their identification. Prevention encompasses governmental efforts in promoting awareness about trafficking in persons within the country by means of campaigns, training, information exchange and monitoring of locations prone to trafficking. Information on the application of the three policy instruments is provided by the 3P-index of anti-trafficking policies (Cho et al. forthcoming) . Countries with a high HT prevalence fight more rigorously against the crime, because they need to further curtail spread of this criminal activity. The line of argumentation could also be the other way round: countries that have a high score in the 3P-index, fight more rigorously against human trafficking and thus the prevalence of the crime is less intense within the country. This would imply a negative relationship between the 3P-index and the HT inflow measure. However, policies are usually implemented if the problem reaches public awareness, which is usually the case when the scale increases. Presumably this does not change in the context of human trafficking. We argue that besides the pressure the U.S. puts on countries to comply with Victims of Trafficking and Violence Protection Act (TVPA), countries intensify their fight against HT parallel to the intensity of the problem within their national boundaries. This leads to the second hypothesis:
H2: The more intense the fight against HT in a country the larger the scale of HT, ceteris paribus. 6 The illicit nature of the process has to be addressed by additional aspects that capture the intensity of exploitation indirectly. As argued above, the awareness within countries plays an important role in the identification of HT. Given that human trafficking is a large-scale business infrastructure must be highly developed. This is also supported by findings in the criminology literature, which stresses the link between the transport of illegal migrants, human trafficking and organized crime along the whole process of deceiving people, transporting and exploiting them (Salt and Stein 1997 , Salt 2000 , Schloenhardt 2001 . Additionally, and given the hidden nature of the phenomenon, the institutional resources allocated to fight crime should also influence the presence of criminal groups or specifically HT in the country.
Strong institutions and plenty of resources in the country should increase the detection rate of the crime. This suggests that the prevalence of HT is indicated by the occurrence of crime, leading to the third hypothesis 8 :
H3: The higher the crime rate in a country and the more resources are allocated to fight the crime the more exploitation of individuals and thus HT takes place, ceteris paribus.
Causes of human trafficking
Since the application of the common definition of human trafficking in 2000, the number of studies on the causes of human trafficking has increased substantially (e.g., Akee et al. 2010a , Cho 2012 , Hernandez and Rudolph 2011 One of the main drivers of migration as well as human trafficking are differences in economic opportunities driving people to seek profitable benefit either through criminal activity or formal job seeking. This makes prosperous countries one of the main targets. The extent of economic opportunities and thus demand for HT is reflected in the GDP per capita of a country making it ideal destination countries for HT and breeding grounds for this type of activity.
H4: The richer the country, the larger are the HT inflows, ceteris paribus.
Most cases of forced labor involve migrant workers in economic sectors such as agriculture and construction (Zhang 2012) . They account for 18 percent of identified cases of HT according to the UNODC (2009). The increased chances of employment caused by the increased demand for cheap unskilled labor increases the attractiveness of the countries as destination for migration workers (Hernandez and Rudolph 2011) . In addition, high demand in the commercial sex market or other informal markets increases the probability of pushing people to-8 Theoretically it is plausible that the crime rate is causing HT as well as indicating its prevalence. This issue is discussed in the next section. 9 All determinants used in the empirical literature so far are tested in the meta-study by Cho (2012) where she identifies robust causes of human trafficking flows. wards these locations (Cho et al. 2012 , Jacobson and Kotsadam 2013 Danailova-Trainor and Belser 2006 . The demand structure is mirrored in the size of the market. This suggests hypothesis five:
H5: The larger the demand for low-skilled services where exploitation takes place the, more HT will be allocated in the country, ceteris paribus.
Globalization leads to increased cultural, social and economic interrelation between countries, which can also be associated with HT. HT is a negative externality of globalization facilitated, but also hampered, by different aspects of the globalization processes. On the one hand HT is facilitated because the transport of individuals is simplified via the establishment of international trade routes and investment connections. International crime groups are large-scale business operations that are active in both the official and the shadow economies, corrupting officials and legal networks (UNODC 2010). On the other hand trafficking is limited via the technological advancements and more personal contacts which increases available information for migrants on migration opportunities as well as job offers and thus presumably reduces the risk of being trafficked. Therefore foreign direct investment (FDI) as share of GDP should have an enhancing effect on HT whereas international tourists as share of the total population and information flows should have a restricting effect on trafficking.
H6: International trade routes increase HT whereas information exchange via international tourism reduces knowledge and HT, ceteris paribus.
For migrants being away from home puts them in a vulnerable position which is increased by language differences and incomplete knowledge of the destination country. These differences are controlled for by including linguistic fractionalization and the share of international migrants in the local population in the model. Additionally the size of the countries measured by log population size is presumably an important determinant of the demand structure and the size of the market within countries of exploitation. Therefore both aspects are tested in the model.
Given that the most vulnerable part of the migrant population is the most prone to traffickers, e.g., refugees fleeing situations in which they face political harassment and life-threatening persecution, it seems reasonable that this part of the population is also largely affected. Additionally, recruitment often takes place through deceptive job offers and family members in migrants' countries of origin. This suggests that networks of ethnic groups in destination countries are optimal locations to place victims and exploit them (UNODC 2012). This hypothetical relationship is accounted for by the number of refugees in destination countries. To capture ethnic (dis-) similarities and also address the role of cultural effects in the trafficking process the share of Catholics is included. This variable should give an indication for the role religion in the trafficking process. H7: HT is increased by factors enforcing migration and attracting people to a specific (rich) country, ceteris paribus.
Trafficking in people is associated with mafia-like structures of criminal activity including not only the exploitation of individuals but also other international organized crime such as drug smuggling (Europol 2011) . Criminal businesses are diversified including for instance people and drug trafficking as well as other forms of criminal activities. This drives the extent of activities and reinforces its intensity (Aronowitz 2001 , Salt 2000 , Schloenhardt 2001 . In this context it is reasonable to imagine that the trafficking routes established by criminal networks reinforce further trafficking. This hypothesized relationship is analyzed by testing how both the amount of heroin seized in countries and the number of drug trafficking offences creates human trafficking.
H8: Crime activities also have causal effects on HT, ceteris paribus.
Estimation strategy
To test these eight hypotheses we employ the structural equation approach of unobserved variables where multiple indicators and multiple causes are tested at once. We are thus able to control for the determinants as well as for the effects of human trafficking in the destination 
In the measurement model (1) the vector = , , … , is the vector of indicators solely determined by the latent factor , = , , … , ′ is the corresponding coefficient vector and = , , … ′ is the disturbance vector. In equation (2) the structural model shows that the latent variable is determined by exogenous causes with error . The vector = , , … , ′ is the vector of all potential causes and = , , … , is the coefficient vector that describes the relationship between the causes and the latent variable. 10 This estimation strategy has not only the advantage to test the theorized relationships between the causes and indicators and the latent variable human trafficking by estimating the parameters of the model, but it also provides us with the tools to test the fit of the theorized relationships with the underlying data.
A MIMIC model of human trafficking
The MIMIC method is introduced in economics by Jöreskog and Goldberger (1975) . Subsequently, it has been used in numerous studies to measure unobservable variables such as the underground economy (e.g., Frey and Weck-Hanneman 1984 , Loayza 1996 , Schneider, Buehn and Montenegro 2010 , corruption (Dreher et al. 2007 ), and international goods smuggling (Buehn and Farzanegan 2012) . 11 Multitudinous studies explored further determining aspects and the development of underground activity across and within countries including studies by Loayza (1996) for Latin-American countries and Giles (1999) Given the characteristics and clandestine nature of the trafficking process, this estimation strategy offers a valuable method to address HT in a holistic way by covering indicators and determinants together. 10 The formal application of the model can be found in appendix A. 11 Additionally, Di Tommaso et al. (2007) and Kuklys (2004) employ the structural equation approach to analyze institutional change in Eastern Europe and to measure welfare, respectively. Buehn (2012) analyzes the underground activity in German regions. In order to estimate cross-country variation in governance Kaufmann, Kraay and Zoido-Lobaton (1999) implement a similar approach. Buehn and Eichler (2009) explore the connection of smuggling illegal and legal goods across the border between Mexico and the USA and Buehn and Farzanegan (2013) develop an index of global air pollution both using SEM with one latent variable. 12 Further studies on the informal or parallel economy are: Schneider (1994a Schneider ( , 1994b Schneider ( , 1997 ) provide some early insights; Johnson et al. (1997) and Johnson et al. (1998) and Gerxhani (2003) also use structural equation modelling. Enste (2000, 2002) contribute an overall survey of estimates on the size of underground activity around the world. Recently, Schneider and Buehn (2012) look in more detail at the drivers of the shadow market in OECD countries.
HT is an economically significant criminal activity where huge profits are generated on tax evasion. Given the increased attention for international HT on the global policy agenda and a willingness to fight it, 13 data collection efforts have been increased and studies to understand the underlying process have proliferated in law, political science and economics. However, research on HT is confronted with the hidden nature of the population active in practice, i.e., victims and traffickers (Tyldum and Brunovskis 2005) . This makes it difficult to draw a representative sample or get firsthand information on the circumstances involved. Additionally, the mere focus on either supply side or demand side aspects does not give credit to the complexity, motivations and interaction of agents in the trafficking process (Laczko and Gozdzdiak 2005 ). An integral approach is needed. In order to capture HT as precisely as possible both aspects' indicators and causes must be included; this has been neglected in earlier studies. The main idea behind the MIMIC model is to examine the relationship between an unobservable variable, e.g., the shadow economy, corruption, human trafficking, and a set of observable variables using covariance information 13 Since the adoption of the Palermo Protocol global focus on international human trafficking has increased. The protocol forces its progressive representation on the policy agendas of many countries. 14 Cliff (1983) calls this issue nominalistic fallacy.
more than approximations of the unknown true social phenomenon and have to be interpreted cautiously especially when the endogenous component estimated (HT) is not observable.
In order to test the hypothesized relationship between the determinants and effects of HT the following (base line) MIMIC model of HT inflows is implemented. The measurement model is specified by the indicators: crime rate per 100,000 people, the 3P-index of antitrafficking policies and the number of identified victims. In one specification we use the police personnel instead of victims identified in order to test a variation of the institutional infrastructure in the countries employed to identify HT victims. The MIMIC model specified uses a maximum likelihood estimation strategy including the information contained in missing values, i.e., no observations are dropped (maximum likelihood with missing values). Studies have shown that using all the information available leads to unbiased and efficient estimates, which is thus preferable to list-wise or case-wise deletion (Collins et al. 2001) . Therefore the number of observations does not change across specifications (table 2) . After the model is implemented and specified for the 2000-2010 period, the basic specification shown in the path-diagram is used to generate yearly estimates. For the yearly specification multiple imputation is used for the main variables, which is equivalent to the use of maximum likelihood with missing values; both approaches are model based methods of dealing with incomplete data analysis (Little 1992) .
The results reported in the next section include several combinations of causes and indicators.
This takes stock of the fact that causes and indicators are not clearly separable (Dreher et al. 2007 ). In some cases it is theoretically plausible to interchange causes and indicators and vice versa, which becomes obvious in the discussion of the influence of trafficking victims. In these cases of uncertainty, the indicators are also implemented as determinants and vice versa.
As the MIMIC is a special case of confirmatory structural equation models, a priori decisions on the model composition become necessary. Following standard practice, all variables are included with their contemporaneous values after having been transformed to deviationsfrom-mean and are scaled to have unit standard deviation. The reason for this transformation is that the different variables are measured on different scales. In order to have the same scale when entering the ranking estimation the variables are standardized (Buehn and Farnazegan 2012 ). Concerns about endogeneity or reverse causality in these specifications could arise due to the simultaneous implementation of variables. In order to deal with this issue of simultanei-ty bias the results are re-estimated by including all quantitative causal variables with one period lag as suggested by Dreher et al. (2007) . The results do not change qualitatively. They are also fairly robust to different stress tests.
Final judgment is based on the importance of the causes and indicators as well as fit indices common in structural equation modeling (Bollen 1989) . Together with theoretical considera- 
Results

Data and model fit indicators
The test are also taken from that database namely drug trafficking offences per 100,000 persons as well as police personnel per 100,000 people. Given that heroin seized in kg is suggested to have a causal influence on human trafficking we test the hypothesized causal relationship in the structural model. 16 An overview of all variables used can be found in appendix B.
Coming to the causal variables we use income measured by GDP per capita (in logs) and taken from the World Bank's (2012) Development Indicators. In order to govern exploitation in low skilled jobs we use the employment in agriculture as a percentage of total employment variable provided by the World Bank (2012). 17 Linguistic fractionalization is measured by the language component of the distance-adjusted ethno-linguistic fractionalization index (DELF) developed by Kollo (2012) . This index accounts for (dis-) similarities between languages, which is crucial in human trafficking because potential victims are more vulnerable if the destination country's language is different from their own. These new data are an improvement compared to Cho (2012) Given that structural equation modeling is confirmative in nature the significance of the variables is one indication of model quality, together with the overall fit of the model that should be acceptable in order to confirm the hypothesized relationships (Bollen 1989) . The judgment of the quality of the model is based on whether the estimated covariance is equal or close to the real sample covariance. To decide which model fits the data best and thus approximates the extent of HT in destination countries most precisely, Barrett (2007, 815) argues that the chi-square hypothesis test is "the only substantive test of fit for SEM" because it is based on conventional hypothesis testing and compares the estimated covariance with the covariance structure of the data rather than using approximations. Nevertheless other fit indices suggested in the literature are reported and evaluated as well in the tables below. The chi-square statistic compares the empirical model against the alternative that the covariance matrix of the observable variables is unconstrained. The null hypothesis is that the model reproduces the covariance matrix of causes and indicators. Smaller test statistic values indicate that the model is a better fit, which implies that the null hypothesis is not rejected. Looking at the main results in table 2 the null hypothesis of a perfect fit cannot be rejected for specifications (1), (3), (7), (10) and (11). In these estimated specifications the p-values range between 0.13 (specification 10) and 0.32 (specification 7).
The root mean square error of approximation (RMSEA) evaluates the model fit on the basis of the difference between the two co-variances. Better fit is implied with a RMSEA value equal to or below 0.05 and a high p-value, indicating high probability to have a low RMSEA (Browne and Cudeck 1993) . This is the case in all three of the five specifications not rejected by the chi-square statistic: (3), (7) and (11). Bentler (1990) suggests that model fit can be judged by using the comparative fit index (CFI) and the Tucker-Lewis index (TLI). A good model fit is indicated by values close to one (Hu and Bentler 1999 Table 1 shows their rank correlation. The indices are constructed generating a factor score or a linear prediction for all five models with acceptable model fit. 20 The rank correlation is larger than 0.9 and highly significant over all pairs. The results support that the fit indicators give a good indication of which model to choose. Additionally, it is also im- 19 A detailed description of all goodness of fit indices in structural equation modelling is given by Iacobucci (2010) . A critical assessment of the use of goodness of fit indicators is provided by Barrett (2007) who argues that the decision rules based on these indicators are arbitrary. He argues that the chi-square statistic is the "only substantive test of fit for SEM" (p. 815). 20 The factor score is the preferred method to build the ranking of countries, because it includes more structural information in the final index. It is suggested by Jöreskog (2000) and employed by most of the studies mentioned above. Another approach multiplying the standardized coefficients with the standardized data in order to derive a measure of the latent variable is the linear prediction. It is employed by Frey and Weck-Hannemann (1984) , Loyaza (1996) and recently by Buehn and Farnazegan (2013) . In order to test whether the country ranking depends on the method of index construction both approaches are implemented. The rank correlation is larger than 0.9 showing that the method is not decisive for ranking. portant to consider the estimation results and underlying theory when deciding which model to choose.
MIMIC estimation results
The principal MIMIC specification considers only cross-country variation. After testing for the robustness of the different specifications and evaluating the model fit the specification with the best fit is used for the final index. In this way country rankings for every single coun- Subsequently the general to specific approach is applied in order to exclude the variables that are insignificant at least at the 10 percent level or above.
The Table 2 shows the estimated MIMIC results in point estimates. 21 understood as it is used as a proxy for cheap working opportunities in these countries leading to more potential placements for traffickers to exploit people. Our results support this indicat-ing that labor exploitation is a major precondition for trafficking to occur. All three effects are according to expectation and economic intuition.
The availability of information measured by the information component of the KOF globalization index never becomes significant at conventional levels. Linguistic fractionalization within countries has a negative and significant influence on the trafficking process (column 3). This suggests that less diverse countries observe more human trafficking. Presumably these countries are in the same geographical region which reduces costs for traffickers and for The test of identified victims as a causal variable for trafficking intensity is based on the argument of Dreher et al. (2007) and Buehn and Schneider (2012) who write that it is difficult to clearly differentiate between causes and indicators in the MIMIC approach. This is applicable here as well: identified victims could theoretically also induce trafficking inflows. Established placements of victims and former victims turning into traffickers would suggest a determining nature. However, this is not supported by the data. nel, which turns negative but not significant at conventional levels (column 11). The model fits the data acceptably well and both models are used for index construction, in order to test whether the different specifications and respective indices are similar. Finally, in column 12, the police personnel variable is also tested as an indicator in the measurement model that reduces model fit drastically.
In the measurement model the indicators of trafficking in destination countries are tested. One of the indicators of the latent variable has to be normalized and used as an anchor variable for the scale and identification. 23 The anchor used here, consistently over all models in the analysis, is the crime rate. The coefficient is normalized to one, resulting in a standardized coefficient of around 0.88 on average across all specifications. We follow the literature using the indicator with the largest standardized coefficient as the anchor variable (e.g., Schneider et al. 2010 , Dreher et al. 2007 ). All four indicators are positively related to the latent variable human trafficking, which is in line with theoretical considerations and economic intuition. The number of identified victims as a share of the population turns significant in only some of the yearly applications (table 6) . Arguably this indicator is very important but identification capacity depends on many aspects of countries' legislative infrastructures (Laczko and Gozdziak 2005) . The findings show that important aspects of the trafficking process are identifiable by employing victim numbers as in Hernandez and Rudolph (2012) . The 3P-index of anti-trafficking policies reflecting the instruments employed by countries in order to fight human trafficking is the third indicator. It turns positive and significant at the one percent level in all specifications showing the importance of anti-trafficking policies that protect victims, prosecute traffickers and prevent HT in reflecting the intensity of HT in the country. These results support the hypothesized relationship between efforts to curb HT and the extent of HT: countries with more HT and more exploitation of its people are more proactive in their fight against HT.
The response of HT into the country is expressed in units of standard deviation for a one standard deviation change in an explanatory causal variable holding all other variables constant (Bollen 1989) . 24 The effects of the main causal variables of the full model in column 3 of table 2 (not reported in the table) indicate that a one standard deviation increase in GDP per capita leads to an increase in the magnitude of human trafficking by 1.08 standard deviations.
A one standard deviation increase of the FDI share and the share of employment in agricul- 23 The choice of the anchor does not change estimation results (Bollen 1989) . 24 The standardized coefficients are calculated by using J K = L K MN O N O KK ⁄ where i stands for the causal variables and j for the unobservable variable. The predicted variances under the squared root are the variances of the ith and jth variables, respectively. ture increases human trafficking by 0.2 and 0.48 standard deviations respectively. A decrease in the standard deviation of language diversity increases human trafficking by more than 0.15 standard deviations. In a globalized world, countries are becoming more rather than less alike, with languages being a factor in this. Turning to the other effects that support our hypotheses we see that human trafficking responses to an increase of one standard deviation of the ex- A second stress test suggested by the literature on MIMIC is to exclude the three highest and lowest ranking countries of the resulting measure (e.g., Buehn and Farzanegan 2012 Dreher et al. (2007) and lagging all quantitative causal variables by one period and then estimating the model again.
The analysis survives is robust to this sensitivity analysis and the results are not changed dramatically. 25 Based on the results, the final specification is chosen. Model three (column 3)
includes the main causes of HT inflows together with the main indicators making HT visible in countries. In table 5 we show the empirical confirmation or rejection of our eight hypotheses. Table 5 clearly confirms that we got the theoretically expected signs of our eight hypotheses and all independent variables, which stand for these hypotheses have a statistically significance. 26 For example, a high crime rate in a country is the results of high human trafficking in these countries, ceteris paribus. Or, traditional crime activities have a positive effect on HT, ceteris paribus, with the expected positive sign and the independent variable "drug trafficking offences share is highly statistically significant.
Human trafficking index
An objective ranking of countries is constructed that allows one to compare the scale of HT inflows into destination countries. The main criticism of existing rankings, such as the tier score of the U.S. Department of State (United States 2001 which addresses compliance with U.S. policies only, is the one-sided nature of this approach reflecting political interest rather than a transparent independent score of the variety of international policy approaches (Simmons and Lloyd 2010) . 27 The underlying measures implemented in the construction of the intensity index are based on publicly available data that influence human trafficking through different channels. The index based on the MIMIC approach, in contrast, is based on structural relationships between observable causes and indicators of human trafficking common to all countries.
By using the parameters of the MIMIC approach which are directly related to the determinants and consequences of human trafficking, we derive the HT measure. 28 The MIMIC estimates (table 5) are robust over time and point in the same direction as in the baseline specifi-25 These findings are available from the authors upon request. 26 Full models with all significant variables together shown in tables 2, table 3 and table 4 can be  found in appendix A, table 1 . 27 Simmons and Lloyd (2010) criticise that the ranking of countries by the Department of State is influenced by political interest of the US and eventually serves to get other countries to apply the norms set out by the world's referee. 28 The main variables (table 2, column 3) are imputed using multiple imputation (MI), i.e., the standardized continuous variables are imputed using chained regression with 20 imputations. Application of Rubin's (1987) rules of adjustment leads to efficient estimates of the coefficients and standard errors. 
Conclusion
This paper is the first study that uses a structural equation 
